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A. Motivation B. Existing Algorithms

- Research has shown presence of facial context (forehead, hair, ears, neck, background) to » Semantic Inpainting! — These algorithms are primarily trained on hallucinate missing pixels in and
improve face verification performance for both human raters! and deep learning models=. around the facial mask. Hence they are not well suited for the task of synthesizing the whole facial

* Presence of caps, hats, headgear, hood can occlude the facial context, hampering verification context and background given a face mask, when used off-the-shelf pre-trained versions.

accuracy?, especially in surveillance videos.  Face Swapping - Strong similarity between source and target faces in terms of facial pose,

* Novel views generated using 3D models do not have facial context* or do not look realistic>. ethnicity and gender2. Even then identity is not well preserved3.

» Synthetic identities generated using 3D models also have no facial context®.  DeepFake*5 — Subject specific autoencoder models, not applicable for real world applications.
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C. Cascaded Network of GANs D. Progressive Growing E. Training Data
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F. Qualitative Results ~ G. Quantitative Results H. Ablation Studies
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* Hardware support was generously provided by NVIDIA.
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